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INTRODUCTION

In each of my previous roles, I have always been on the lookout for ways to improve the
accuracy and efficiency of processes that handle data in my own and other areas of the
business, suggesting and implementing more streamlined ways of working. I have always
found data analysis the most interesting aspect of my work and aim to transfer existing
skills, whilst developing new skills in this field, including Python and SQL; the Cambridge
Spark Data Essential Skills Bootcamp was the perfect fit for myself to create a platform on
which to further my career development.

This portfolio evidences some of the main areas of my learning during the data bootcamp.
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Robin Whiting BSc (Hons)

Data Analyst I Web Creator I Trainer

https://robin-whiting.co.uk/

I am an aspiring Data Analyst with over 14 years’
experience working in the field of analytical chemistry in
the pharmaceutical and environmental sectors. I also have
experience working in other areas, including business
administration and marketing. I am adept in the use of
Microsoft Office, with a particular interest in using
Microsoft Excel for a wide range of applications, including
data handling and analysis.

https://robin-whiting.co.uk/


WHY IS DATA IMPORTANT TO ORGANISATIONS?
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Data is important to organisations because it helps them make informed decisions,

improve their performance, and achieve their goals. Data can provide insights into

customer needs, market trends, operational efficiency, and competitive advantage.

Data can also help organisations identify and solve problems, reduce costs, and

increase revenue. Data enhances decision-making capabilities and is the foundation of

any successful organisation in the modern world and

THE VALUE OF DATA

In this section, we take a brief look at some of what I have learnt, regarding the ways the

role of data can impact and bring value to organisations in an ever-more digitised

economy and society.



HOW DOES DATA ADD VALUE TO ORGANISATIONS?
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Data is a vital asset for any organisation that wants to thrive in the modern world. Data

can help organisations improve their decision-making, optimise their processes (and

minimising risk), enhance their customer experience, gain greater insights into target

markets, and create new products or services. Data can also help organisations reduce

costs, increase efficiency, and gain a competitive edge in the market, creating targeted

strategies and marketing campaigns, as well as using it to identify new product and

service opportunities. As just one example, the use of a Customer Relationship

Management (CRM) system can help with providing a more personalised service to

customers by sharing knowledge across different departments and harmonising the

customer experience between customer-facing staff (e.g. sales team and customer

support). Data can add value to organisations in many ways, but only if it is collected,

stored, analysed, and used effectively and ethically.



WHY HAS THE VALUE OF DATA INCREASED?
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The value of data has increased because it has become increasingly essential for many

aspects of modern life, such as business, education, health, and entertainment.

Technology which was once unheard of is now a part of everyday life for the majority of

the population. Data can provide insights, solutions, and opportunities that were not

possible before. Data can also help improve efficiency, productivity, and innovation

across different departments and functions within an organization, and in various

sectors and industries; it has become an increasingly valuable asset that can create

competitive advantages and social benefits using modern tools including smartphone

technology, artificial intelligence and the Internet of Things (IoT).



In this exercise, I had to select a question that 

required myself to combine at least 2 

different data sets in Excel. The question I set 

myself and how I went about solving this 

follows:

Question:

Is there a higher level of ‘happiness’ in 

countries that have democratically elected 

governments?
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SOURCING AND COMBINING DATA

Data Tools Used:

• Microsoft Excel, 
Including:
• basic functions 

(e.g. COUNTIF, 
VLOOKUP)

• charts
• Seeking Data 

(Internet)
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In order to collect relevant and up-to-date information on world ‘happiness’ and measures of 

democracy for each country, I obtained data from the following trustworthy sources:

1. Democracy Index values from WorldPopulationReview.com, an independent for-profit 

organization committed to delivering up-to-date global population data and demographics 

(includes data sources and methodology on each webpage), 

2. World Happiness Report 2023, a publication of the Sustainable Development Solutions 

Network, powered by the Gallup World Poll data.

3. Full alphabetical list of countries as exactly recognised for use in Excel Map Charts from 

www.map-in-excel.com.

The datasets from sources 1. And 2. were combined into an Excel spreadsheet, with both being 

downloaded first as Excel files. The data was from the very latest reports and not subject to 

change (i.e. not ‘live’ data, which requires direct linking from a webpage).

SOURCING AND COMBINING DATA - EVIDENCE
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Dataset 1: Democracy Index for 
each Country.

Dataset 2: World Happiness 
Report Data.

SOURCING AND COMBINING DATA - EVIDENCE
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In order to compile a comprehensive list of country 

names (some of which may not have been listed in 

1. and 2. due to availability of data), data source 3. 

was used. 3. was used to check for consistent 

naming of countries (e.g. UK, United Kingdom, 

United Kingdom of Great Britain and Northern 

Ireland), by using the COUNTIF function to check if 

an exact name was present in the list and if it 

needed adjusting. Once the names of countries for 

each data source had been harmonised, a list of 

countries that appear in both datasets 1. And 2. was 

compiled (using Excel formulae), and data for 

democratic index and world happiness recorded 

next to each country (using VLOOKUP function and 

source data files); the combined report is shown on 

the next page.

Dataset 3: Full list of countries with 
exact names as used by Excel (these 
were needed later in the “Storytelling” 
section of this portfolio) 

SOURCING AND COMBINING DATA - EVIDENCE



SOURCING AND COMBINING DATA - EVIDENCE
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Final Combined Data Report
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With reference to the data shown on the previous slide, there does appear to be a greater amount of
happiness in more democratic countries, but the correlation between the two is only 41%, meaning 59%
of the variability in the outcome data cannot be explained by the model. Some points to note from the
data are as follows:

• In terms of most democratic and happiest countries, at the top (unsurprisingly) there is a cluster of 
Nordic countries.

• Of the less democratic countries, there appears a wider variation of happiness.

• Of these, the less happy countries face challenges, including Democratic Republic of Congo (poverty & 
armed conflict), Afghanistan (including women's and girls' rights and economic and humanitarian crises), and 
Lebanon (including mismanagement, violence, economic crisis and lack of electricity supply.

• Of these, the atypically happier countries includes a cluster of wealthy oil-rich states on the Arabian 
Peninsula. A surprising exception to this is Uzbekistan (factors of its relatively high happiness may well be 
attributable to a number of factors including having a more open and progressive government, open 
borders and equal rights for women [Reference 4]).

• One other outlier of note is Botswana which has a good score for democracy, but a low score for 
happiness. This can be attributed to ‘a lack of social support, curtailed healthy life expectancy and, 
above all, matters of income inequality and of generosity.’ [Reference 5]

SOURCING AND COMBINING DATA - EVIDENCE
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Sources of Data and Citations:
1. https://worldpopulationreview.com/country-rankings/democracy-countries, with the following 
citation: The Democracy Index, an annual report compiled by the Economist Intelligence Unit. 
The index measures the state of democracy in 167 of the world's countries by tracking 60 
indicators in five different categories: electoral process and pluralism, functioning of government, 
political participation, political culture, and civil liberties.
2. https://worldhappiness.report/ed/2023/#appendices-and-data, with the following citation: 
Helliwell, J. F., Layard, R., Sachs, J. D., Aknin, L. B., De Neve, J.-E., & Wang, S. (Eds.). (2023). World 
Happiness Report 2023 (11th ed.). Sustainable Development Solutions Network.
3. Country Codes - List of ISO3 country codes| Excel E-Maps (map-in-excel.com)
4. Background: Women and Uzbek nationhood (no date) Uzbekistan: Sacrificing Women To Save 
The Family? - Background: Women and Uzbek Nationhood. Available at: 
https://www.hrw.org/reports/2001/uzbekistan/
5. Miraculous unhappiness; does Botswana need a Ministry of Laughter? (no date) Miraculous 
Unhappiness; does Botswana need a Ministry of Laughter? | African Studies Centre Leiden. 
Available at: https://www.ascleiden.nl/content/ascl-blogs/rijk-van-dijk/miraculous-unhappiness-
does-botswana-need-ministry-laughter (Accessed: 17 November 2023). 

A full discussion of all of the countries here is beyond the scope of this brief study and further work
could also include looking at the Democracy Index whilst breaking down data for the individual
factors used in the calculation of World Happiness Data (e.g. social support, healthy life
expectancy, freedom to make life choices, generosity).

SOURCING AND COMBINING DATA - EVIDENCE

https://www.map-in-excel.com/tutorials/iso3-country-codes/
https://www.hrw.org/reports/2001/uzbekistan/
https://www.ascleiden.nl/content/ascl-blogs/rijk-van-dijk/miraculous-unhappiness-does-botswana-need-ministry-laughter
https://www.ascleiden.nl/content/ascl-blogs/rijk-van-dijk/miraculous-unhappiness-does-botswana-need-ministry-laughter


For this section of the bootcamp, I was required to 
analyse simple and complex structured and 
unstructured data using basic statistical methods and 
algorithms and identify any trends and patterns in the 
data.
The learning also gave me an opportunity to brush-up 
on some basic statistics (e.g. quartiles and percentiles, 
standard deviation).
The dataset used for the following exercise included 
information on staff names, department, actual sales, 
and target sales. From analysing this information, I was 
able to answer questions relating to performance 
based on targets. Screenshots from this work are 
shown on the following pages:
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NUMBERS FOR DATA ANALYSIS

Data Tools Used:

• Microsoft Excel, Including:
• basic maths 

operations
• working with tables
• formulae (e.g. SUM, 

SUMIFS, AVERAGE, 
AVERAGEIFS, MAX, 
MIN)

• charts
• basic statistics



NUMBERS FOR DATA ANALYSIS - EVIDENCE
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Original Dataset Dataset in Table with my Additional Calculation Columns



NUMBERS FOR DATA ANALYSIS - EVIDENCE
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NUMBERS FOR DATA ANALYSIS - EVIDENCE
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This part of the bootcamp involved taking two 
datasets and demonstrating the following:

• Cleaning the data
• Analysing the data
• Combining the data
• Making any conclusions that could be drawn from 

the data

The first set contained heart disease data obtained 
from 4 different laboratory sites, Hungary (I 
sometimes refer to this as HU for convenience), 
Switzerland (CH), Virginia (VA), and Cleveland (CLE).
The second set contained data from heart failure 
clinical records (location not specified).
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DATA PREPARATION, QUALITY 
AND VALIDATION

Data Tools Used:

• Microsoft Excel, Including:
• working with tables

• data tools (e.g. sorting, 

filtering)

• formulae (e.g. IF, AND, 

OR, MAXIFS, MINIFS, 

SUMIFS, AVERAGEIFS, 

ISNUMBER, ISTEXT, 

ISBLANK, COUNT, 

COUNTA, COUNTBLANK, 

COUNTIF)

• Charts and basic statistics



DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE
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Data cleaning is an essential process in data analysis. It is the process of identifying and correcting

errors, inconsistencies, and outliers in a dataset. It is important because it can improve the quality,

reliability, and usability of the data for analysis and decision making. Data cleaning can also reduce the

risk of errors, biases, and misleading results that can affect the validity and credibility of the data.

Before analysing the datasets in Excel, I needed to make sure that the source-data was free from any 

errors or “dirty data”.

• Defining the 
question / 
Hypothesis

Step 1

• Data Collection

• Combining 
Datasets

Step 2
• Data Cleaning

• Exploratory analysis of 
data / validation, to 
ensure data quality

Step 3

• Analyse the Data

• Use algorithms and 
build models

Step 4
• Visualise Data

• Communicate 
findings

Step 5
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For this exercise, the datasets were relatively clean and well ordered. However, some 
data cleaning was required, and this included the following:

• Checking that no columns need to be split and that each column from each data set has the 
correct column heading and that the columns are in corresponding orders between datasets.

• Converting numbers stored as text into numbers (using copy and paste multiplier method, or 
using the green (formula error) option in Excel to convert these.

• Getting rid of blank data rows (e.g. data rows without dates on)

• Removing obvious mistakes (by scanning the datasets and also converting them into tables 
and checking the values in the dropdown boxes at the top of each column) and duplicates 
(via the Remove Duplicates” dialog box.

• Formatting data (e.g. dates).

• Removing symbols. For example, many cells contained a single question mark. These were 
removed using the replace function (in Excel, this is done by replacing “~?” with “”.

DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE



D
A

T
A

 
E

S
S

E
N

T
I
A

L
 
S

K
I
L

L
S

2
1

After cleaning the data, I carried 

out some analysis on the first 

dataset, according to the following:

• Working out the average age of the 

patients in each location

• Plotting a histogram of age variables 

on the dataset (VA only)

• Working out in which month the most 

samples were received (VA only)

My analysis and any findings are 

shown on the next page:

Original Data (Top) vs Cleaned Data (Bottom)

DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE
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DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE



D
A

T
A

 
E

S
S

E
N

T
I
A

L
 
S

K
I
L

L
S

2
3

DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE

Next, the data was analysed to 

see if there was any connection 

between the presence or 

absence of a heart disease and 

the following factors:

• Resting blood pressure

• Serum cholesterol

• Fasting blood sugar level (f.b.s.)

My analysis and any findings 

are shown here, and on the 

next page:
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DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE
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A comparison study was then conducted to see if the same conclusions could be made

using data from the different laboratory sites, regarding the presence or absence of a

heart disease and 1) Resting blood pressure, 2) Serum cholesterol, and 3) Fasting blood

sugar level (fbs).

Again, My analysis and any findings are shown here, and on the next page:

DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE
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DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE
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DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE
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The next part of this study involved looking at the fields of data in the Heart failure clinical
records dataset, the objective being to expand my investigations based on combining the two
datasets. Whilst combining the two sets of data, age was an obvious common-variable
between the two data sets, whilst not being a medical practitioner, I was only able to speculate
which data variables may or may-not have any relationship to one another. The fields of each
dataset are shown below. For dataset 1, I removed data from people with no detected heart
condition and age bins where they only appeared in one dataset. The findings from my
investigations are shown on the following pages:

DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE

Attributes from dataset 1, Heart Disease Data Set on UCI 
Repository (left) and attributes from dataset 2, Heart failure 
clinical records (above)
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DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE
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DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE

Some observations from the combined data:
1. As one might expect, the average age of patients with reported heart failure is higher than those from 
dataset 1, Heart Disease Data Set (excluding patients with no detected heart condition)
2. As age increases in dataset 1, so does average resting blood pressure. We see a similar trend in dataset 2 
with % high blood pressure, but not with average ejection fraction.
3. Further work would apply statistical analysis of the data before any definite conclusions could be made. 
Also note, as mentioned earlier in this portfolio, that correlation does not mean causation.
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DATA PREPARATION, QUALITY AND VALIDATION
- EVIDENCE

Some observations from the combined data:
1. As age increases, whilst the percentage of patients with a high resting blood sugar increases, there is no 
apparent similar pattern occurring from dataset 2 with the percentage of patients who are diabetic.
2. Without knowing much about the significance of each variable in the data, no further significant trends were 
observed with the combined data in the time available for this exercise.
3. Again, further work would apply statistical analysis of the data before any definite conclusions could be made. 
Also note, as mentioned earlier in this portfolio, that correlation does not mean causation.



This section of the bootcamp involved furthering my 

understanding of data analysis in Excel, continuing 

on the theme of collating, analysing, and presenting 

data according to best practices.

In the following exercise, I used dataset 1 from the 

previous section again, but this time importing the 

data using Power Query and manipulating the data 

in pivot tables.
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EXCEL FOR DATA ANALYSIS

Data Tools Used:

• Microsoft Excel, 
Including:

• power query

• data tools and 

formulae 

mentioned in last 

section

• pivot tables



EXCEL FOR DATA ANALYSIS
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In this part of the bootcamp, I learnt that Power Query is a useful tool for data analysis

and transformation as it allows the data analyst to connect to various data sources,

apply filters, merge tables, and create custom columns, amongst other useful features.

Power Query helps with automating tasks and simplifying the data preparation process.

It can help with creating reports and dashboards that are updated automatically.

I also discovered how useful pivot tables are, as they allow the data analyst to

summarise and analyse large amounts of data quickly and easily. Pivot tables can be

used to create reports, charts, dashboards, and other visualizations that help with

understanding the data better. They also allow the user to filter, sort, group, and

rearrange data in different ways, without changing the original source data.



EXCEL FOR DATA ANALYSIS - EVIDENCE
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Using Power query to import my pre-
cleaned data from the last section of 
the bootcamp, I created a series of 
pivot tables to complete some 
further analysis and produced some 
charts to help visualise the data. In 
summary, I found the whole process 
much more efficient using the pivot 
tables and they helped me with 
being able to view different 
comparisons of data much quicker 
than previously. The data from this 
pivot table work also helped confirm 
my previous findings from the 
dataset.
Some screenshots of my work from 
this section of the bootcamp follow.

Pivot table data concurring with previous findings.



EXCEL FOR DATA ANALYSIS - EVIDENCE
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EXCEL FOR DATA ANALYSIS - EVIDENCE
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EXCEL FOR DATA ANALYSIS - EVIDENCE
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This section of the bootcamp looked at the different ways data can 
be visualised in Excel via charts and included how to create an Excel 
dashboard. Creating dashboards in Excel is a way to summarise and 
visualise data from different sources. Dashboards can help 
businesses monitor key performance indicators, track trends, and 
identify patterns.
An example of my work is shown on the following page. For this, I 
decided to use the trestbps, serum cholesterol, and f.b.s. data from 
the previous exercises and include some sliders to enable the user 
to compare date by age, gender, and laboratory location. The pre-
cleaned data was imported, placed in pivot tables and then pivot 
charts were created with sliders (linked to each chart using the 
‘report connections’ feature). The page was then formatted for 
aesthetics.
Note that the choice of charts used in this example was not varied, 
although they reflected the type of data being presented here, just 
as an example. If I were presenting sales data, as another example, I 
could include pie charts showing the popularity of different product 
categories, histograms or bubble charts to represent demographics, 
and/or include a timeline slider so that period of sales could be 
adjusted by the user/viewer of the dashboard.
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CHARTS AND VISUALISATIONS

Data Tools Used:

• Microsoft Excel, 
Including:

• power query

• pivot charts

• slicers

• dashboarding



CHARTS AND VISUALISATIONS - EVIDENCE
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Microsoft Power BI is a tool for business 

intelligence that enables users to connect to and 

visualise any data. With Power BI, it is possible to 

create reports and dashboards with various types 

of charts, maps, and graphs, and share them with 

others within or external to an organisation.

In this section, I demonstrate an example from my 

learning whereby I have loaded, transformed, and 

created relationships between raw data sets, 

conducted basic analysis, and visually presented 

the data for review and analysis by others using 

different tools with Power BI.
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DASHBOARDING WITH
MS POWER BI

Data Tools Used:

• Power Query
• Microsoft Power BI
• DAX (Introductory 

Level)



DASHBOARDING WITH MS POWER BI - EVIDENCE

D
A

T
A

 
E

S
S

E
N

T
I
A

L
 
S

K
I
L

L
S

4
1

In this example, a company (Adventure Works) wishes to use the data contained

within its Product Report to understand individual product performance over time

and on a monthly basis. They also want a forecast of profit for the next 2 months.

● They would also like to understand more about their customers.

● Which types of customers have the highest number of orders and revenue?

Left: Product Report Data (CSV files)



DASHBOARDING WITH MS POWER BI - EVIDENCE
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In order to create a dashboard in Power BI, with 

reference to the points on the previous page, the 

data source files were initially reviewed, and then 

imported into Power BI (including appending the 

different year’s sales files into a single table). The 

data was transformed as necessary (e.g. changing 

date of birth of customers to ages at time of 

purchase), relationship links were created 

between the different datasets (shown right) and 

then 2 dashboard pages were created in order to 

display the relevant information; one for sales and 

one for customer information. These are shown on 

the following two pages.
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In this first dashboard, sales data is reported as 
monthly profit (top right), and includes a forecast 
for the two months ahead, based on 95% 
confidence (the actual forecast values are shown for 
each of the two months when actively viewing the 
chart with a mouse cursor). The table on the top left 
shows individual products by order and sum of 
return rate. Clicking on an individual product in the 
table changes the monthly profit chart to show the 
performance over time of the individual product in 
question.
The timeline can be adjusted to focus on specified 
date ranges. Also shown in chart form are quarterly 
profits for each of three main product categories 
and return quantities over time. From the data, it is 
possible to see that from Quarters 2-3, 2016, and 
with the expansion of overall sales and product 
lines, there was a significant increase in the number 
of items people were returning.
Further investigation could look into whether 
certain products were being returned more often 
than others.



DASHBOARDING WITH MS POWER BI - EVIDENCE

D
A

T
A

 
E

S
S

E
N

T
I
A

L
 
S

K
I
L

L
S

4
4

In this second dashboard, sales information 
is broken down into different customer 
attributes.
The actual number of different ways of 
presenting all of the data in this exercise 
with respect to looking for relationships and 
trends between each variable can be 
seemingly infinite, and so the charts here 
are shown as examples.

Whilst viewing the data on the Power BI 

dashboard, it is possible to see actual 

values on the top three charts by interacting 

with the data points, although the main 

conclusions from the charts presented here 

follow on the next page.
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Conclusions drawn from the charts presented on the previous page:

• Total customer sales by age peaks at 47 (perhaps the age where people are still relatively active, 

but with higher incomes).

• People earning between £80k and 100k pa generate higher profits for the business, with an 

exception for people earning 100k (worth investigating why so few customers earn this amount, 

e.g. is there an error in the data collecting? What tax-brackets are there in other countries?

• It is clear that the more educated customers are, the more profit they generate

• Orders are most likely to come from professionals (31.6%), followed by skilled manual workers 

(23.5%).

• Orders are more likely to come from people with no children (28.2%), followed by those with two 

children (20.2%), closely followed by those with one child (18.7%).

• The areas generating the most profit (in order) are the USA, followed by Australia, and then the UK.

• Further investigations could focus on the preferred product lines with respect to demographics.



In this part of the Data Essential Skills Bootcamp, I learnt about 

the importance of storytelling with data, and created a data-

driven story, communicating results through a basic narrative.
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STORYTELLING WITH DATA

THE IMPORTANCE OF STORYTELLING WITH DATA

Storytelling has been an integral part of human behaviour and development ever

since the times of our early ancestors. Its main purpose has always been as a means

of transferring knowledge to the listener, enforcing beliefs and helping that

knowledge be retained in the listener’s mind. Storytelling existed long before even

the written word, let alone PowerPoint and is this inherent in our nature. For decades,

the traditional method for presenting data was to present charts and point out facts

based on these, leaving the audience often bored and coming away having retained

Data Tools Used:

• Excel (Including features 
and functions described 
in earlier sections)

• PowerPoint
• Storytelling
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THE IMPORTANCE OF STORYTELLING
WITH DATA (CONTINUED)

… relatively little information. In today’s world, where people are faced with an ever-

increasing amount of information, there needs to be a more appealing and

captivating way of presenting data to people, which is where storytelling comes in.

Storytelling with data is important because it helps to communicate insights and

persuade audiences effectively. Data alone can be dry and hard to understand, but

when combined with a narrative, it can become engaging and memorable; multiple

cognitive psychology studies have confirmed that facts are remembered more when

connected in a narrative than when they are separate. Storytelling with data can also

help to establish credibility, build trust, drive a connection with the audience,

encourage acceptance, and inspire action. By using techniques such as context,

structure, visuals, and emotion, storytellers can craft compelling stories that showcase

the value and impact of data.
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Problem statement
People in some countries are a lot less 
happy than people in other countries.
 

Key plot movements
1. Countries with a reputation for being 

happy (e.g. Nordic countries) are 
democracies

1. If democracy makes people happy, then this 
is a powerful argument for democracy

2. Will there be any exceptions to any findings?

Most important message to land
In general, more democratic countries are happier.
Outliers can often be explained (e.g. oil-rich Gulf 
states)
Democracy is not linked to every factor that makes 
up happiness.

Context / why this is important
Experiencing happiness is important for 
our emotional and physical health.

Pivotal discovery / story climax 
resulting in a new challenge
There does seem to be a relationship between 
happiness of countries and democracy Index 
value. However, there are exceptions. Also 
note correlation is not necessarily causation.

Resolution, where outcome is 
progress
Regime change and war aside, there are 
certain areas where world happiness could be 
improved, such as social support, health 
services, and anti-corruption measures.

Hypothesis
Countries which are more democratic 
have greater levels of happiness.

Re-framing of problem statement
Democracy is not necessarily linked to 
every factor that is taken into account 
when ranking world happiness.

Tangible action
Increasing support to poorer nations with 
respect to healthcare.
Addressing people’s freedoms to make life 
choices.
Increased fight against corruption.

Building on the data I sourced and combined earlier (pages 7-13), I then went on to present 
this data as a narrative. The first step was to use a narrative arc content builder, shown below:
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In order to present my story, a brief PowerPoint presentation was prepared, and sample slides 

follow:
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P ORT FOLI O :
SUMMARY

During the 10-week bootcamp, I was able to build on 
my existing knowledge of Microsoft Excel and explore 
new ways of analysing data which I had not done 
before (e.g. Pivot Charts and Power Query). I learnt 
about the importance of cleaning data before analysing 
it and how the choice of visual is important in order to 
most effectively present data. The introductions to 
dashboarding and Microsoft Power BI were extremely 
interesting, and I felt I learnt a lot during the time 
available, as I did with the all-important storytelling 
aspect of presenting data as well – something I had not 
really considered before.

The course also included intensive introductions to 
using Python and SQL for data analysis towards the 
end, leaving no time to evidence them in this first 
version of my Portfolio.

Looking ahead, the areas I intend on focusing my 
learning on are Python, Excel VBA, and the 
fundamentals of Microsoft cloud computing platform 
Azure.
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